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[Abstract] Objective To construct the metabolic syndrome prediction models based on the K nearest
neighbor(KNN) algorithm and logistic regression,and to compare the predictive efficiencies between the two
methods. Methods The included 6 793 study subjects conducted the data analysis. The prediction models
based on KNN algorithm and logistic regression were constructed. The models conducted the internal valida-
tion and external validation. The multiple dimensions indicators were adopted to evaluate their predictive per-
formances and the predictive efficiencies were compared between the two predictive models. Results The area
under internal validation curve (AUC) of the prediction model based on the KNN algorithm was 0. 776 (95%
CI:0.764—0.788),the calibration intercept was 0. 028 (95%CI:—0.031—0. 089),the calibration slop was
1.181 (95%CI:1. 106 —1. 257) and the Brier score was 0. 157. In the external validation, AUC was 0. 780
(95%CI :0. 768 —0. 791) , the calibration intercept was 0. 262 (95%CI ;0. 207 —0. 317), the calibration slop
was 1.053 (95%CI:0.990—1.117) and the Brier score was 0. 167. AUC of internal validation in the predic-
tion model based on the logistic regression was 0. 783 (95%CI ;0. 772—0. 795) , the calibration intercept was
—0.008 (95%CI:—0.088—0.073),the calibration slop was 0. 995 (95%CI:0. 934 —1. 058), the Brier score
was 0. 156, the external validation AUC was 0. 782 (95% CI ;0. 771 —0. 793) , the calibration intercept was
—0.045 (95%CI;:—0.113—0.022) ,the calibration slope was 1. 006 (95%CI :—0.011—1.063) and the Brier
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score was 0. 164. Conclusion The logistic regression prediction model performance is better than the predic-

tion model based on the KNN algorithm.
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