4300 FAEEF 20225 12 A% 51 5% 24

* %J % Eﬁ ° doi:10. 3969/j. issn. 1671-8348. 2022. 24. 029
M4&BE % http://kns. cenki. net/kems/detail/50. 1097. R. 20221014. 1454. 008. html(2022-10-14)

ERHIEFENRESEENRHAR

B #,E kL REFS
(GEEERFHF—WEEREFAKESALEIR TS, F K 400038)

[(HZE] BN REZRRAKBFEERZHN RWITEFRBEFTEOESESR, Ak B3 5HER
RFEAEGP A, B ARE R THERKEFETERMBERTAXLR GER TR, T EHBEETE
K. &R SEFHBAARBEABER KB ERE S KBRS R EME AR ERIKE R4FE, @gF

R BEES BB BERETEZARNERKENCRIFRETESR, FiE ERMERKE
CRAEETREFTE, THERAG L ETHEX A E 7 AR 38R FRIBF T,
[X8iR] B X80 HBE52; xR
[FEZESES] R197.32 [Ek4RiIRE] A

Py
1=
_TL

[XEHS] 1671-8348(2022)24-4300-04
Existing problems in hospital data and management countermeasures
ZHOU Lin .\WANG Fei ,ZHAO Haoyu”

(Medical Big Data and Artificial Intelligence Center , First Affiliated Hospital of Army
Military Medical University ,Chongqging 400038,China)

[Abstract] Objective To explore the difficulties and countermeasures of medical data management ac-
cording to the practical experience of big data platform in this hospital. Methods By analyzing the existing
problems and difficulties of data in this hospital,a big data platform was constructed to effectively gather, gov-
ern and manage the hospital data,and the data management countermeasures were perfected. Results The
medical data in this hospital have the four characteristics of large data scale, various data type,very fast data
flow speed and low value density. Through the platform construction,data integration,data processing and da-
ta quality management, the hospital data aggregation was completed and the management countermeasures
were put forward. Conclusion The construction of hospital big data platform can perfect the medical data

management,and bring the opportunities and impetus for the development of scientific research, transforma-

tion of medical model and the innovation and application of medical field.
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