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Application progress of artificial intelligence in ultrasound automatic

quantification of left cardiac volume and function”
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[Abstract] The automatic quantitative analysis software developed by artificial intelligence (AID) via es-
tablishing the machine learning model can rapidly and accurately quantize the ventricular volume and ejection
fraction,improve the diagnostic efficiency and measurement repeatability. Al makes the three-dimensional ech-
ocardiography to be expected to routinely use in clinic. This article reviewed the aspects of Al,automatic quan-
titative techniques and quantification of cardiac volume and ejection fraction.
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