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Application of artificial intelligence in chronic diseases: visual

analysis based on CiteSpace”
CHEN Zhenzhen' sCHENG Cheng®,SONG Sha' ,LIU Yong'®
(1. Department of Pain and Rehabilitation Medicine ,Second Affiliated Hospital of Army Military
Medical University ,Chongqing 400037 ,China ;2. Department of Rehabilitation Medicine ,
First Affiliated Hospital of Army Military Medical University ,Chongqing 400038 ,China)

[Abstract] Objective To visually analyze the application research status quo of artificial intelligence in
chronic diseases by using CiteSpace, and to discuss the hot research and evolution process in this field.
Methods The SCI-Expanded database of the Web of Science Core Collection(WOSCC) was used as the data
source,and the Boolean logic operators “AND,NOT, OR” were used for conducting the subjects terms retriev-
al. The application research related information of artificial intelligence in chronic diseases conducted the visu-
alized analysis by the CiteSpace software,including the number of published papers,countries,institutions,au-
thors,keyword co-occurrence/clustering/emergence and other subjects hotspots, and the scientific map was
drawn. Results A total of 1 302 literatures were retrieved and 1 243 literatures meeting the standard were in-
cluded in the statistical analysis. Since 2018, the artificial intelligence researches in the field of chronic diseases
show a significant growth trend year by year. Among them,the United States published the most,and Harvard
University and the University of California were the most prolific institutions. At present, there is a lack of
core researchers in this field, moreover the close cooperation among authors is not high. The hot research dis-
eases mainly focus on adult heart,lung,kidney,endocrine metabolism and other aspects. Previous researchs fo-
cused on intervention therapy,and gradually transitioning to precision medicine, decision support, manage-
ment, mental health, mobile health care and other aspects. Conclusion At present,the application research of
artificial intelligence in chronic diseases is still a hot research direction,and this paper provides some reference
for the research in this field.
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