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[Abstract] Artificial intelligence (AI) technology has been widely used in many aspects such as inter-
preting medical images, predicting infectious disease outbreak and diagnosing rare and common diseases. In
chronic disease management, Al shows the unique advantages in the aspects of clinical decision support, fol-
low-up,monitoring and prediction of treatment outcome by integrating and analyzing large datasets and com-
bining with smart devices. However,the chronic disease Al management still faces many challenges including
the data quality question,lack of the integration of technique and clinical practice, privacy security secret worry
and imperfect relevant laws and institutions. In the future, Al needs to further elevate its capabilities in natural
language understanding and personalized treatment recommendations,and strengthen the close cooperation be-
tween Al technicians and medical professionals,ensure that the development and application of Al in chronic
disease management has high clinical significance in order to really realize the precision management of pre-
vention,treatment and rehabilitation in the patients with chronic diseases. This article explores the latest ap-
plications progress of Al in the management of major chronic diseases such as hypertension,diabetes and chro-
nic pain.
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